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Non-Adaptive Spatial Filters

HRASHZ T FILI7FUS R BRI



GBI ERE (SR ETMEERE S U CEIESN D

S HRT NL
) ) y,(0) yz(t) y,, (1)
(0 kb ff
y,(t)
y(t) =] .
HU/\E\E)J(LFJ:D (
yM(t) FUER
M:t2o9—%

NAMZLT, F—ARIRILY(1) &, BEEE BB EREEICE>TELERE) O
BEERET 5 7 1

V—REMES



V—XEREETAIT — Y DEMRZE <

- —RIJA—ILFDEAN ——

) — KT —)L 475

MErICBEREOERENHY,

X ARZRVNTWSISEEDE Y—H I
1

y ARZERWNWTWSIGEDEY—H

y oy Y
LS00

2 AAZRINTWDSEEDE Y —H 7!

17 27..‘7M

UTF®D (Mx3) I8 — R T« —IL T EFEN, T2 Y=L ADALE F (CHITD

REZRY.

L(r)

HGIRAGIEAG

l]‘?’(r) l]?’(r) l;(r)

HORAGCEAG




WiZDOESIRIERNT NLTHBDN, £9, BLADZER T ILEY—E

DE - FHAMESENANDS —THD c‘:ﬂim LCTITDS. EFRMD
NULETHDBENDILRIFR(CER I D.

NI, BEAEBOAIE r TY—XDEE p(r) iSRE>TLT, BEXITH
BIEA(CHNT S,

CDBEME r TOEUH—)—RI4—IILREY—RT4—ILERIRIL L (F) -

fﬁ)lﬂm () || m,(r)

. . . )
HURAGRAGI EXG

ZRAWTERT.



ZRET a4 )L —E(F  ERNREIE
weight vector

\ AON .
s(rot) =w' (r)y(t) =[w/(r),...,w, ()] : |= 2w, (r)y, (t)
T Y, ()

Estimate of source activity ) B

LY —FT—HCEBKRIT DB r (TSI —IRA T« 2D
BML) (CHFUTCEH TSR TV —REEZHIE I DIRHETEE.

T A L —BHINIE r ([CHBITFDY—ADEE s(r,t) &
IEIR(CEHAI I B —virtual (IRIEB)Z> B —

ZEE I« ILY— L, EROMUEICHEEUREDMN
2R AR Y — 2 ES AR (C K DIBRL T D1

EE DR EIHEE



J4)L3—H A
TR ILA—H S0 5(rt) =w'(r)y(2)
TR I ILZ—H /N —: TR T LSBT

T !
(str07) = (w" () W Oy ) =w” (r)Rw(r)

ZER T L A— /A R H T —
ol = <WT(r)g[wT(r)g]T> = w' () (se" Yw(r) = o* ()
T

BARIMNILD/ILL(RESN
T4INE—D/ARXRTATHD



Non-adaptive spatial filter:

w(r) is data independent
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Adaptive spatial filter:
w(r) is data dependent
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Minimum-norm filter
2Rt ILELE TDlead field matrix
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Minimum-norm filter

Minimum-norm solution

Minimum-norm filter
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Weight(noise) normalized minimum norm filter
dSPM (dynamic statistical parametric mapping) D &R TN TLVS.
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SLORETA Standardized low-resolution tomography
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Spatial matched filter (R EGEZEMI1ILZ2—)
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ANY kLB weight-normalized filter (ASPM)
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This paper discusses the location bias and the spatial resolution in the imaging, the signals recorded by MEG sensors are resolved into
reconstruction of a single dipole source by various spaftial filtering functional maps of dynamic brain activity, while retaining this high
techniques used for neuromagnetic imaging. We first analyze the temporal precision. Many studies have addressed the question of

location bias for several representative adaptive and non-adaptive how this reconstruction can be done efficiently (Baillet et al.,
snatial filters usino their resolution kernels. This analvsis theoreticallv AnnTs
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